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Abstract: Current session recommendation models excel at extracting users’ immediate preferences but struggle to
capture the dynamic evolution of user interests over time and context, making it challenging to extract latent relationships
between items from short-term interaction sequences. This paper proposes a neighborhood and hypergraph collaboration for
session-based recommendation model (NHG-Rec), which first comprehensively utilizes adaptive multi-hop hypergraph con-
volution and neighborhood convolution to simultaneously capture explicit and implicit relationships between items; then
employs a context-aware dynamic positional attention mechanism to explore the importance of items within a session, there-
by capturing users’ real-time interests; further adopts multi-view session embeddings through a local-global contrastive
learning strategy to capture multi-dimensional item features and distinguish semantic differences. Experimental results dem-
onstrate that for Tmall, Diginetica, and Nowplaying benchmark datasets, compared to mainstream baseline models such as
SR-GNN, GCE-GNN, and DHCN, this model improves P@ 10, P@20, MRR@ 10, and MRR@20 performance metrics by
an average of 12.38%, 5.47%, 6.53%, and 6.39%, respectively. The NHG-Rec model effectively captures the dynamic
changes of user interests and multi-dimensional relationships between items.
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